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ABSTRACT 
Sound conceptual models are commonly considered as an important factor for successful information systems (IS) 
development. Due to inaccurate conceptual specifications, IS projects can be delayed or even fail. Thus, thorough evaluation 
of models is a major concern in IS research. Consequently, theoretical models are required which elucidate the conditions 
for the successful evaluability of conceptual models. However, IS literature only provides little insights about the 
prerequisites of effective evaluation. Systematic investigations on the evaluability of conceptual models are missing. 
Therefore, is paper aims at two research results. Firstly, based on a comprehensive literature review we propose a 
theoretical model of perceived evaluability. This theoretical model rests on the influence of domain knowledge and the 
perceived comprehensibility of conceptual models as its two main impact factors. Secondly, to prepare an empirical 
evaluation of the theoretical model, the development of measurement scales is described. The first steps of this process are 
exemplified based on an inquiry of modeling experts and implications for testing our hypotheses are provided. 
Keywords 
Conceptual modeling, evaluation, ontology, domain knowledge, construct development 
INTRODUCTION 
Conceptual models are widely used in software engineering and organizational design as a semi-formal representation of an 
application domain (Moody 2005; Wand et al. 1995). They capture information about the physical or social reality of an 
organization. Their main objective is to facilitate communication between users and developers, to improve the 
understanding of a domain, and to document the actual or a future state of an organization (Wand et al. 1995). Conceptual 
models are artifacts which are expressed in a conceptual modeling language (Wand and Weber 2002a). Their evaluation is 
concerned with the question whether they are helpful to solve a specific business problem (Burton-Jones and Meso 2002; 
Wand and Weber 2002b). Relevant criteria to assess the quality of a model are, e.g., whether the model adequately captures 
the content of the application domain, whether it complies with the syntactical rules of its modeling language, or whether its 
level of detail corresponds to the needs of a situation (Schütte and Rotthowe 1998). 
Incorrect or inappropriate conceptual models can lead to significant costs and can have a negative influence on the overall 
success of a project (Moody 2005; Shanks et al. 2003b). The adequacy of their specification has direct impact on the 
acceptability and usability of software systems (Lauesen and Vinter 2000). An inappropriate description of the application 
domain can lead to problems in the implemented software system and to delays in the project progress. Likewise, the success 
of a reorganization project is influenced by the quality of the respective organizational models (Reijswoud et al. 1999). 
Despite their high economic importance, only little is known about the preconditions of a systematic evaluation of conceptual 
models. In recent years numerous research efforts have been undertaken in order to develop criteria catalogues to evaluate the 
quality of conceptual models (e.g., Kesh 1995; Levitin and Redman 1995; Lindland et al. 1994; Moody and Shanks 1998; 
Schütte and Rotthowe 1998). Also, the comprehensibility of conceptual models based on specific properties of the modeling 
language or its underlying paradigm have been analyzed (e.g., Bodart et al. 2001; Gemino and Wand 2005; Jih et al. 1989; 
Purchase et al. 2004). The quality of conceptual models has also been empirically assessed on grounds of findings from 
psychology and cognition sciences (e.g., Batra et al. 1990; Khatri et al. 2006). However, we are not aware of any studies 
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which have rigorously investigated influence factors on the perceived evaluability of conceptual models. The preconditions, 
which enable a subject to successfully assess the quality of a conceptual model, are mostly unknown. 
This paper has two main objectives: Firstly, we want to identify factors which influence the perceived evaluability of 
conceptual models in the form of a theoretical framework. Secondly, we aim at developing measurement scales which enable 
an empirical test of this theoretical framework. The paper is structured accordingly: Based on the results of a literature review 
on empirical studies about conceptual models and the role of domain knowledge for their evaluation, a theoretical model is 
proposed. We suggest domain knowledge as an important parameter which affects the perceived evaluability of a conceptual 
model. We also assess the role of knowledge about modeling language constructs and assess its impact on the evaluation of 
models. Subsequently, we provide a foundation for rigorous empirical investigations by introducing a measurement scale of 
the perceived evaluability of conceptual models. The paper closes with a summary of the results and a discussion of possible 
future research opportunities. 
RELATED RESEARCH 
Empirical Studies on Conceptual Modeling 
In recent years a growing interest in empirical studies about conceptual models has been aroused (Parsons and Cole 2005). A 
motivation for this development can be seen in the need to improve the theoretical foundations of conceptual modeling 
(Burton-Jones and Weber 1999; Siau and Rossi 1998). 
One important source of empirical studies is ontological research. Most studies in this area have been performed based on 
the Bunge-Wand-Weber (BWW) ontology (e.g., Wand and Weber 1993; Weber 1997). Dependent variables of these studies 
have mainly been surface-level comprehension, deep-level comprehension, problem-solving, or perceived usefulness 
(Gehlert et al. 2007). The following independent variables have been applied: optional vs. mandatory properties (Bodart et al. 
2001; Gemino and Wand 2005), the use of attributes vs. relationships (Burton-Jones and Weber 1999), property precedence 
(Parsons and Cole 2004), the use of things vs. properties (Shanks et al. 2003a; Weber 1996), the role of whole-part 
relationships (Shanks et al. 2002), the cardinality of a relationship (Siau et al. 1995), or the rules for the good decomposition 
model in general (Burton-Jones and Meso 2002). All these studies have in common that they refer to specific characteristics 
which a modeling language should or should not provide. Thus, the quality of a model is evaluated based on the properties of 
its modeling language. Other, non-ontology-related studies also focus on the features of the modeling language. For instance 
they deal with multiple views (Kim et al. 2000) or whether to prefer a global vs. a local schema (Parsons 2002). The impact 
of different modeling paradigms or notations on the comprehensibility of a conceptual model (Batra et al. 1990; Jih et al. 
1989; Purchase et al. 2004) has also been discussed in literature. Likewise, the influence of the number of language 
constructs has been analyzed (Bajaj 2004). 
Another broad stream of empirical research is based on findings from cognitive psychology. These studies focus on 
representational aspects of models. They are concerned with the question of how the combination and arrangement of model 
elements influence comprehension and problem solving. Larkin and Simon (1987) give some general arguments in favor of 
the use of diagrammatic modeling languages. However, they do not provide any empirical evidence for their assumptions. An 
empirical analysis of this question has been performed by Batra et al. (1990). In laboratory experiments with UML diagrams 
(Purchase et al. 2002) syntactically correct but graphically distinct orderings of model elements have been compared and 
analyzed. The relationship between the expertise of the modeler and the problem solving ability by means of the resulting 
models has been subject to an investigation (Batra et al. 1990). Based on cognitive fit theory, Khatri et al. (2006) have 
evaluated the role of application and domain knowledge on the problem solving performance with conceptual models. 
Most of these studies deal with the impact of certain independent variables on comprehension or problem solving 
performance. In the context of evaluation empirical research has been conducted on the ability to identify errors depending on 
the graphical ordering of model elements (Purchase et al. 2002) and the influence of local vs. global schema on the 
verification of data models (Parsons 2002). However, we are not aware of any empirical investigations which have 
systematically analyzed the perceived evaluability of conceptual models. 
Domain Knowledge and Domain Ontologies 
The concept and importance of application domain knowledge has gained increased attention in recent years in the IS 
community (e.g., Khatri et al. 2006; Shaft and Vessey 1998). Application domain knowledge or subject matter expertise can 
be understood as the knowledge of the problem area addressed (Hjørland and Albrechtsen 1995). Especially in IS 
development, application domain knowledge about the context of future software, i.e. the target environment and content, is 
considered crucial for the project success (Davis and Olsen 1985). Application domain knowledge is opposed to 
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programming or modeling knowledge, also termed IS domain knowledge, which is also required during a modeling or 
software engineering project (Khatri et al. 2006). 
Domain knowledge is a necessary condition in order to validate representations with regard to the problem domain (Marttiin 
et al. 1992), e.g. conceptual models (Khatri et al. 2006) or application systems (Shaft and Vessey 1998). Without domain 
knowledge neither the appropriateness of an IT artifact to solve a business problem nor the adequateness of the representation 
can be assessed. A lack of domain knowledge is common in early phases of a project and regularly leads to mistakes and 
fragmentary specifications (Curtis et al. 1988). 
An intensively discussed measure to capture domain knowledge is provided by ontologies (e.g., Chandrasekaran et al. 1999; 
Guizzardi et al. 2002; Uschold 1998; Wimmer and Wimmer 1992). Ontologies can be understood as a set of shared concepts 
which describe what exists in a domain of interest (Evermann 2005). Ontologies take the role of an explicit representation of 
domain knowledge. In literature different types of ontologies are described. A prominent classification according to Guarino 
(1998) distinguishes top-level, domain, task, and application ontologies. In the following we focus on domain ontologies for 
an evaluation of conceptual models as they capture relevant knowledge with regard to the requirements of a certain 
application domain. 
Ontologies have been proposed as a mechanism to systematically guide the description of a domain in conceptual modeling 
(Guizzardi et al. 2002; Mylopoulos 1998; Storey 2005). An important motivation for employing ontologies in this context is 
the hope to alleviate the subjectivism of different modelers. By means of underpinning and structuring the models with a 
shared conceptual vocabulary manifested in a domain ontology, the creation of comparable models is facilitated (Pfeiffer 
2007). Thus, ontologies aspire to affiliate slightly different worldviews on a common ground. 
A THEORETICAL MODEL FOR PERCEIVED EVALUABILITY 
Basic Assumptions about Conceptual Modeling 
Our research is based on four epistemological and cognition scientific assumptions (Becker and Niehaves 2007; Stachowiak 
1973). These assumptions provide the theoretical basis for understanding the process of conceptual model construction. 
The first assumption of our research approach is the existence of a real world beyond the realms of pure imagination of the 
subject (Bunge 1977). We suppose that the world exists autonomously of cognition, i.e. independent of thought and speech 
acts. Thus, we take up the position of (ontological) realism. Hereby, we refer to ontology as the analysis or the theory of 
„what is‟ and „how it is‟ (Bunge 1977).  
The second assumption is concerned with the relationship of cognition obtained by the subject to the object of cognition 
(Becker and Niehaves 2007). The underlying question is whether it is feasible that things in the real world can be recognized 
objectively. According to the school of constructivism, we assume that cognition is subjective (or “private”). The connection 
of cognition to the object of cognition is defined by the subject (von Glasersfeld 1987). 
The result of cognition is represented as a mental model by the subject. The mental model organizes the sense-data into a 
coherent structure and establishes internal connections among them (Eberts and Bittianda 1993; Mayer 1989; Neisser 1987). 
The mental model is the basis for comprehension of the real world as well as its elements (Stachowiak 1973).  
According to the constructivist paradigm objective cognition is not feasible. Consequently, an individual does not dispose of 
an objective reference point for truth. At this juncture, we draw upon the consensus theory. The consensus theory of truth 
relates the correctness of statements to the consensus within a group (Apel 1979; Baumann 2002; Habermas 1973): A 
statement is true if it can be (possibly) accepted by everyone. The members of a group evaluate a statement represented in 
form of a mental model against their experience and existing knowledge (Shaft and Vessey 1998). The availability of pre-
existing knowledge enables a subject to come to a decision about truth or falsity of a statement. 
These four assumptions are the pillar of our understanding of the conceptual modeling process (Norman 1983; Shaft and 
Vessey 1998) which is summarized in Figure 1. Initially, the external reality is perceived by the model creator and (re-) 
constructed in the form of his mental model (Neisser 1987). This internal structure represents the intended comprehension of 
the conceptual model from its creator‟s perspective. Subsequently, the mental model is explicated as a conceptual model by 
the model creator (Schütte and Zelewski 2002). Then, the model user can absorb the conceptual model as his own mental 
model (Gemino and Wand 2003). This new mental model embodies the subjective comprehension of the conceptual model 
from the model user‟s perspective. If the model user is able to form a coherent mental model from his or her perception he or 
she can now evaluate its content based on his or her experience in the application domain. This means the model user must, 
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first, comprehend the conceptual model. Second, he or she must have sufficient domain knowledge in order to be able to 
evaluate its content. 
External Reality Internal Model External Model
Application 
Domain
Mental Model
Mental Model
Conceptual
Model
Model User
Model Creator
Knowledge about 
Application Domain
 Evaluation 
Comprehension
ExplicationConstruction
Construction
 
Figure 1. The Conceptual Modeling Process 
 
Influence Factors of Perceived Evaluability 
Our theoretical framework for perceived evaluability rests upon the basic assumptions of the conceptual modeling process. 
This analysis leads to the insight that the evaluation of a conceptual model requires pre-existing knowledge about the 
application domain. Thus, any model is perceived differently by different persons. Consequently, perceived evaluability can 
be defined as: 
D1: Perceived evaluability is the grade to which a subject feels capable of verifying the content of a conceptual model 
against pre-existing knowledge and experience. It measures whether a person believes to have the ability to assess the quality 
of a conceptual model. 
The results of the last section have also revealed that an evaluation depends on the comprehension of a conceptual model. 
Consequently, perceived evaluability is influenced by both, (1) knowledge about the application domain as well as (2) the 
perceived comprehensibility of the conceptual model. As we assume cognition as subjective, we focus on perceived 
evaluability in contrast to (objective) evaluability. The perceived comprehensibility of a conceptual model can be defined as: 
D2: Perceived comprehensibility is the grade to which a subject feels capable of forming a coherent mental model of a given 
conceptual model. It measures whether a subject believes that he or she can read a model, understand its content, and might 
learn from it about the domain it represents. 
There are multiple theoretical sources to identify impact factors of perceived comprehensibility. The first one is the 
structuralist theory of science (e.g., Balzer and Moulines 1996; Moulines 2002). Pfeiffer and Niehaves (2005) have provided 
theoretical arguments that an explanation of the meaning of modeling language constructs and application domain concepts 
is required in order to comprehend a conceptual model. Khatri et al. (2006) have given empirical evidence that IS domain 
knowledge is required for the comprehension of conceptual models. In the case of domain knowledge they only identified an 
improved problem solving performance. Aranda et al. (2007) have proposed a research framework for the empirical 
evaluation of model comprehensibility. They state language expertise and domain expertise as relevant variables which affect 
comprehensibility. 
It is important to stress that application domain knowledge plays a different role during the process of comprehension and 
evaluation. The assessment of the quality of a model is normally not performed by the model creator. When a model is 
evaluated it is compared with the domain knowledge of a model user. In contrast, when a model is comprehended the domain 
knowledge of the model creator is relevant and not the model user‟s knowledge. This is due to the role of a model as a 
measure for communication (Wand et al. 1995). The model user wants to gain an understanding of the domain as the model 
creator has perceived it. For example in a software engineering project the customer wants to know whether the developers 
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have understood the business problem at hand. Hence, the customers are interested in the IS domain and application domain 
knowledge of the developers. 
As a consequence the relation between application domain knowledge of the model user and perceived comprehensibility is 
not considered in this study. Rather, the explanation of the meaning of modeling language constructs and application domain 
concepts as stated by Pfeiffer and Niehaves (2005) are treated as relevant influence factors. This leads to the following 
propositions which shape our theoretical model of perceived evaluability. 
P1: The perceived comprehensibility of a conceptual model increases with an explanation of the meaning of the domain 
terms by the model creator to the model user. 
Perceived comprehensibility measures the capability of a subject to form a coherent mental model of a given conceptual 
model. This conception of comprehension is related to surface level understanding in literature (Bodart et al. 2001; Shanks et 
al. 2003a). We also restrict our theoretical model to surface level understanding. It is the primary purpose of models and we 
want to investigate the basic causal relations first (Parsons and Cole 2005). Accordingly, a conceptual model has a high 
degree of perceived comprehensibility if its elements can be mapped to each other without any internal contradictions. A 
conceptual model has a low degree of perceived comprehensibility, if its elements do not fit into a consistent mental 
structure. We expect the comprehensibility to increase when the model user gets a detailed explanation of the domain terms 
used in the model for the model creator. The domain terms can, e.g., be formulated in a domain ontology.  
P2: The perceived comprehensibility of a conceptual model increases with an explanation of the meaning of the modeling 
language constructs by the model creator. 
Similarly to the explanation of domain terms we assume that the comprehensibility of a conceptual model will be higher, if 
the model user receives a thorough description of the constructs of the modeling language and their relations from the model 
creator. This assumption complies with the intuitive idea that a modeling language has to be known in order to be able to 
understand the conceptual models described in that language. 
P3: The perceived evaluability of a conceptual model increases with the comprehensibility of the conceptual model. 
The perceived evaluability of a conceptual model indicates how simple it is for a subject to verify a mental model against pre-
existing knowledge and experience. A conceptual model can be evaluated well by the model user, if he or she feels confident 
to come to a conclusion about its truth. If he or she does not feel sure whether he or she can come to such a decision or not, 
the perceived evaluability of the model is rather low. The conceptual modeling process motivates the expectation that a good 
comprehension of the conceptual model will also increase the ability of the model user to decide whether it is true or false. 
P4: The perceived evaluability of a conceptual model increases with the knowledge about the application domain. 
The existing knowledge about the application domain will allow the model user to establish a mapping between his or her 
mental model and previously made experiences in this domain. Based on this mapping he or she can decide whether the 
information provided by the conceptual model is correct or not. Therefore, we suppose that the perceived evaluability of a 
conceptual model will increase if the model user has good knowledge of the application domain. Only if a model has a good 
perceived evaluability for a person, this person has the expertise to take part in a consensus finding process. This means 
evaluability is a prerequisite for all model users to express truth statements. 
Summarizing, the three main focal points of this research are the following: First, this paper is concerned with conceptual 
models rather than modeling languages. In this paper, we will not evaluate the language of a model but are interested in the 
conditions under which the model is evaluable in general. Second, existing empirical studies about conceptual models are 
mainly concerned with comprehensibility and problem solving performance. In our study we will chose perceived 
evaluability as dependent variable and analyze its influence factors. Third, we have identified domain knowledge as a 
prevalent driver to assess the quality of conceptual models. In light of existing studies we focus our analysis on the impact the 
varying degree of domain knowledge has on the perceived evaluability of models. IS domain knowledge is considered as a 
second influence factor. We acknowledge that there may be other social, organizational, or technological factors that can 
have an impact on the assessment of models. However, as there is no established theory about the evaluability of conceptual 
model, we consciously restrict our theoretical model to understand the basic causal relations. 
SCALES DEVELOPMENT PROCESS 
Rigorously developed scales inventories are a precondition to conduct empirical studies in IS research. In order to validate 
the theoretical model presented in the last section it is crucial that its concepts can be measured. However, currently IS 
literature offers no comprehensive scales inventories which deal with phenomena such as perceived evaluability in the 
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conceptual modeling domain. The unreflected adoption of measurement scales to a different domain can lead to biased 
analysis results (Fichman 1992; Segars and Grover 1993). Consequently, in order to prepare the evaluation of our model we 
have decided to develop our own scales inventories. The methodological procedure we have applied for the construction is 
based on the work of Davis (1989) and has further been elaborated by Moore and Benbasat (1991) as well as Recker and 
Rosemann (2007). Due to length restrictions, we focus on the presentation of the scales development process for the concept 
of perceived evaluability only. The scales for perceived comprehensibility have been developed accordingly. 
The first step of the construction process is the items creation. The objective of this phase is to ensure content validity, i.e. the 
degree to which a measure represents the intended domain of content. For this purpose a literature review has been performed 
and relevant publications on conceptual modeling have been examined for plausible item candidates. Our investigations are 
based on the semantic quality criterion of Lindland et al. (1994) and, further, include the quality framework of Moody and 
Shanks (1994), the guidelines of modeling (Schütte and Rotthowe 1998), the ontology-based approach of Shanks et al. 
(2003b), the perceived semantic quality criterion of Poels et al. (2005), and the perceived semantic expressiveness construct 
by Dunn and Grabski (2000). As a result we have derived five different quality dimensions: correctness, realism, consistency, 
completeness, and minimalism. Based on this literature analysis, independently from each other, the authors have proposed 
possible item candidates. These proposals have been consolidated and an initial set of eleven items has been identified. These 
item candidates and their corresponding quality dimension are described in Table 1. 
 
Item # Item Definition Quality Dimension 
PE1 It was not easy for me to assess the factual correctness of the conceptual model. Correctness 
PE2 I could assess whether the conceptual model represents the domain accurately. Correctness 
PE3 I was able to make a statement about the quality of the conceptual model. Correctness 
PE4 It was straightforward for me to judge whether the conceptual model is a realistic 
description of the domain. 
Realism 
PE5 I had difficulties in deciding about how close the conceptual model is to reality. Realism 
PE6 I could decide on the internal consistency of the conceptual model. Consistency 
PE7 I was able to state whether the conceptual models contains contextual contradictions Consistency 
PE8 It was difficult for me to come to a conclusion about the completeness of the conceptual 
model. 
Completeness 
PE9 I could state whether there are elements missing in the conceptual model. Completeness 
PE10 I could not judge about the relevance of the model elements Minimalism 
PE11 I am confident that I could identify unnecessary elements in the conceptual model. Minimalism 
Table 1. A Initial Item Set for the Construct Perceived Evaluability (PE) 
 
The second step of the process is the development of the scale. On the one hand, this construction process aims at achieving 
construct validity of the item set, i.e. to establish the items in a way that it is legitimate to make inferences from them to their 
construct. On the other hand, it strives for the evaluation of the construct validity by measuring convergent and discriminant 
validity, i.e. to estimate the semantic convergence and divergence of the items within their construct. 
To achieve construct validity a panel of 18 conceptual modeling experts has been asked about the initial item set. A 5-point 
Likert scale has been used to measure whether the different items comply with the definition of the construct perceived 
evaluability. We have chosen the panel so that its members have different theoretical and practical backgrounds to represent a 
wide variety of conceptual modeling practitioners. We have selected IT consultants, academic staff, as well as PhD and MSc 
students as panel members. All participants have good yet diverse knowledge in conceptual modeling. We used the responses 
of this survey to rank the items according to their correspondence with the construct. The mean significance of each item for 
its construct is given in Table 2. Based on these results item candidates for elimination have been identified. 
In order to evaluate the convergent and the discriminant validity of the remaining items, their correlation among each other is 
of interest. Therefore, the panel members were asked to group the items and label the resulting categories. The quality 
dimensions of Table 1 were not provided in the questionnaire. As criterion to set up a category we advised the participants to 
include only those elements which are semantically close to each other. At the same time, the elements of different categories 
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had to be as discriminative as possible in terms of their meaning. The results of this grouping experiment have been analyzed 
in two different ways and by two different researchers. Firstly, the labels of the groups have been used to create meta 
categories. Based on the meta categories and the corresponding placement ratio of an item we have identified which items 
can be grouped together. Secondly, a correlation matrix has been developed which describes how often an item occurs in the 
same group with any of the other items. Here, the mapping was considered independently from the labeling of the categories. 
Based on this matrix related items have been identified. Subsequently, the analysis results of the two perspectives have been 
consolidated. Both forms of analysis led to the same candidates for elimination. Table 2 describes the results of this pre-test. 
In this table „often‟ stands for more than nine occurrences (of a total of 18) of a particular item in a group. 
 
Item # Mean 
Significance 
Meta Category Placement 
Ratio 
Often Occurs in a Group with  
(Number of Occurrences) 
New Item # 
PE1 3,39 Correctness 56 % PE2(10), PE3(9), PE7(9) Dropped 
PE2 4,28 Correctness 50 % PE1(10), PE4(10), PE5(11) nPE1 
PE3 3,22 Quality 39 % PE1(9) Dropped 
PE4 3,72 Realism 61 % PE2(10), PE5(15) nPE2 
PE5 3,11 Realism 67 % PE2(11), PE4(15) Dropped 
PE6 2,94 Consistency 39 % PE7(16) Dropped 
PE7 3,33 Consistency 39 % PE1(9), PE6(16) nPE3 
PE8 2,56 Completeness 78 % PE9(16), PE10(10), PE11(10) Dropped 
PE9 3,22 Completeness 83 % PE8(16), PE10(10), PE11(12) Merged: nPE4 
PE10 2,67 Completeness 44 % PE8(10), PE9(10), PE11(15) Dropped 
PE11 3,22 Completeness 50 % PE8(10), PE9(12), PE10(15) Merged: nPE4 
Table 2. Results of the Pre-test: Perceived Evaluability (PE) 
 
All constructs with a mean significance smaller than 3,22 have been dropped, i.e. PE5, PE6, PE8, and PE10. PE1 has been 
removed as it is highly related to the more significant PE2. We also decided to eliminate PE3 as it is not often linked to any 
of the other items and has only a very low placement ratio in its own meta category. The items PE8-PE11 are highly related. 
To reflect this situation the items PE9 and PE11 have been merged. The outcomes of this process are the four new items 
nPE1-nPE4. 
The third step of the process is the instrument testing phase. Based on the item pool a questionnaire can be compiled. In a 
pilot test with a small number of participants the validity and reliability of the scales can be further assessed. Here, also items 
like PE1 or PE3 can be included to make sure that they have not been dropped by mistake. An analysis of the results leads to 
possible improvements and modification on the scales. These findings can be used to prepare the final field test which strives 
for conclusive empirical evidences for the validity and reliability of the scales. It is conducted in form of a survey and helps 
to provide the empirical proof that the model can be measured by these scales. 
CONCLUSIONS 
This research is motivated by the conception that the evaluation of conceptual models is of high economic importance. A 
literature analysis has shown that only little is known about the preconditions which allow a successful evaluation. Therefore, 
we have developed a theoretical model which explains the influence factors of perceived evaluability of conceptual models. 
In order to operationalize the theoretical model we have created preliminary measurement scales which show how this model 
can be tested. 
It is important to stress, that the evaluation process described in this paper is not yet complete. We have neither empirically 
verified our theory nor provided a rigorously substantiated scales inventory. The final validity and reliability of the 
measurement scales have to be verified in a field test with proper statistical instruments. Also the correctness of the 
theoretical model has still to be assessed empirically. In its actual form the scales inventory presented here can be used to 
guide further research about the construct perceived evaluability. The influence of knowledge about the domain and the 
modeling language constructs can be verified ceteris paribus in a laboratory experiment. The results of well and poorly 
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known domains as well as modeling languages can be compared and a statistically significant correlation can be derived 
potentially. To complete the empirical evaluation of the scales and the theoretical model is due to further research. The results 
are expected to be available for presentation at the conference. 
However, already in the current state this paper contributes to research and practice. From a practical perspective the results 
are relevant for (professional) creators and users of conceptual models such as system analysts, software engineers, or 
consultants. Our propositions give reason to assume that conceptual models should be delivered with a specification of the 
domain terms used in the model. We found evidence that such models are more comprehensible and, thus, evaluable. Hence, 
to link a model to a domain ontology or to supplement it with definitions of the domain vocabulary can increase customer 
satisfaction. As theoretical contribution we have introduced a framework of perceived evaluability and conceptual modeling 
in general other researchers can draw upon. The measurement scales we have introduced can be used by the research 
community in related empirical studies. 
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